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Motivation

. @ Speech Emotion Recognition (SER): Infer emotional
-~ state of individuals from speech signals.

- o SER applications: Commercial sector, education,

- healthcare.

- @ Challenges: Generalization over languages, corpora;
*. interpretability.
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Methodology

e Scmi-supervision using activation and valence
labels.

e DAE Loss function: Minimize reconstruction loss
+ similar distance between embedding and labels.

e Trained on single (large) dataset, tested on transfer
(>4) datasets.
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Table 2: Adjusted squared correlation coefficient presenting the linear dependence of [ on z.
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Objective and Proposal

e (Goal: Obtain emotion representations from speech that
are transferable to low-resource (data and labels)
languages.

e Proposal: Semi-supervised DAE—to shape the latent
space with emotion-relevant information.

e Contributions:

o Method for continuous metric learning to order
samples 1n latent space.

o Data labels with activation and valence annotations
for open datasets.

Table 1: Adjusted squared correlation coeflicient
presenting the linear dependence of z; on [; for the
three models. Mean and standard deviation over
five folds are presented.

Method R*-Act (p

0.1140.06
0.21 +0.05
0.12+ 0.05
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0.0340.02
0.061+0.02
0.0540.02
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Unsupervised
Metric-act
Metric-val

the activation

and valence labels for the three models. Mean and standard deviation over five folds are presented.

EMO-DB
R-Act (un + o)

IEMOCAP

Method R2-Act (u+ o) R2Val (u+ o)

R-Val (n+ o) R*-Act (p +o)

AESD
R-Act (n+ o) R=-Val (p+ o)

URDU
R=-Act (n +o) R--Val (p+ o)

CAFE
R*-Val (n + o)

0.06 = 0.4
(.04 £ 0.03

(.62 = 0.4
0.63 +0.02

.41 =0.03 (.05 x 0.02
0.49 + 0.02 (.05 £+ 0.01

Unsupervised
Metric-act

Metric-val 0.4+ 003 0.11+0.01 (.6 £ 0.03 0.1+0.0
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041 &+ 0.03
045 £ 0.03
0.45 + 001

(.3 = 0.01 0.0 £ 0.0°

0.31 +£0.05 —(.0 = 0.0°
.29 =0.02 (.01 £ 0.01°

(.14 = 0.02
(.13 £ 0.03
0.14 £ 003

(.28 = (.05 (.14 +0.02
(.33 = 0.04 (.14 +=0.03
0.37 £ 003 0.17 £0.02

Dataset = EMO-DB Dataset = CAFE Dataset = URDU Dataset = AESD
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yields more consistent -

Dataset = IEMOCAP

Dataset = EMO-DB Dataset = CAFE Dataset = URDU Dataset = AESD
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